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Common
mission

Deliver loT
Analytics

Data Infrastructure for ’, - Dr. Pat Kennedy,
Digital Transformation . CEO, OSlsoft
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Enable Digital
5 Transformation

2" Microsoft

“A digital transformation is
remaking companies and
their factories, bringing the
intersection of
manufacturing and
technology even closer™

Satya Nadella CEO, Microsoft
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OSlsoft. Pioneers of Digital Transformation
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SUPPLY ORDER

s PROJECI &L SALES RISING

[N EXTORDER INCREASED

Pl Integrator for Microsoft
Azure & Cortana Intelligence

Energy Management,
Predictive Maintenance, . B8 Microsoft
Prescriptive Analytics




How can we
A make it happen?

What wil Prescriptive

happen?
Predictive

Why did it
happen?

What Diagnostic ¢t
happened?

Value

Descriptive
Analytics
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Cortana Intelligence Suite

Unparalleled Hyper Intelligent
security scalability by design

>$1B annual spend on security 100+ datacenters in over
& ecosystem 40 countries

o Personal Digital Assistant — Cortana
Computer Vision APls Text Analytics

- .
A."‘ Perceptual Intelligence

Transform data into intelligent action in the cloud .




Pl System Stores and Organizes Data
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Challenge: Making Sense of the Data

BEFORE...
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AFTER...

Weather
Conditions

Relative Humidity: 34%
Current Temp: 85 F
High: 92

Low: 57 F

Wind: 8 mph/N
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Crude Desalter

Operating Pressure: 110 psi
Charge Rate: 14 gph

Mix Valve Pressure: 8 psi
Water Rate: 8%

Crude Furnace

Draft Pressure: -0.5 WC
Stack Temp: 316 F
Oxygen: 2.5%

Outlet Temp: 840 F

Cold Oil Velocity: 6 ft/sec
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Typical Planning for Data Science Experiments Data Scientist:

Definition of Th? scope Data field selection, Evaluate model against criterias for success The SGXiCSt]Ob ofthe 21st Century
background infermation, cleansing and and business goals, model documentation
definition of success criterias efc... transformation

and approval of the model

by Thomas H. Davenport
and D.J. Patil

Meet the people who
. Data Data \ can coax treasure out of
Use case selection Assessment PrEPa ration Deployment messy, unstructured data.

Extraction of the data,
exploration and
quality verification

Selection of the modelling
technique, building the model, test
and assessment of the modsl

Final testing and
deployment

70 Harvard Business Review October 2013

% WASTED TIME
80%

“Data scientists spend up to 80 percent

of their time wrestling with the data rather
than generating new business insights.”

—NEW YORK TIMES " HOTTEST JOBS IN 2016

y Data Scientist

Analysts spend vast majority of
time preparing data, not
analyzing data.
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!- . Solution: Pl Integrator

“Data scientists spend up to 80 percent Ana |yt|CS—Ready Data | CO ntext |

of their time wrestling with the data rather .
than generating new business insights.” | Eve Nts via C-A—S—T

—NEW YORK TIMES
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Integration: Analytics-ready data for the Physical World

Gear Select by Operator
@ 15tForward Corv
v ® st Reverse
@ 2Znd Forward
@ 3rd Forward
58%
@ 4th Forward
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Pl @ Neutral
@ NotUsed
Integrators
. 2015.04.23 15:59:50 23.6547420812366 23.2147636153275 28.3663721651326
3 C O n ‘texts / 3 Pe rS p e Ctlve s 2015-04-23 16:00:00 23.6547420812366 23 2147636153275 28.3663721651326
2015.04.23 16:00:10 23 6547420812366 23.2147636153275 28 3663721651326
N . .
° T _ _ T F 2015.04.2316:0020 23 6547420812366 23 2147636153275 28 3663721651326
I m e S e rl e S I m e O C u S 2015.04.2316:0030 23 6547420812366 23.2147636153275 28 3663721651326
o 2015.04.2316:00:40  [23.6547420812366 23.2147636153275 28.3663721651326
i ASS etS - E q U I p m e nt F O C U S 2015.04-2316:0050  236547420812366 23.2147636153275 28 3663721651326
2015.04.23 16:01.00 23 6547420812366 23.2147636153275 28 3663721651326
] Eve n ts —_ Eve nt F O C u S 2015.04.23 16:0110 23 6547420812366 23.2147636153275 28 3663721651326
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Red Carpet
Incubation Program (RCIP)
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Integrator Workbench for Analytics Exploration (IWAE)g: Microsoft

Red Carpet Incubation Program (RCIP)
for PI Integrator for Microsoft Azure and Cortana Intelligence

OSlsoft PI System

Customer
On-Premise

© i

AWEA
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Microsoft Azure Analytics
(Azure Machine

- Learning)

AWEA PI System

(Azure laaS)
Data
Science
: VM

I[EW storage
(Azure SQL DW)

Or Azure Data Lake

Azure Data Factory (Orchestration)

%




Advanced Analytics Operationalized Pipeline
Pl Integrator for Microsoft Azure and Cortana Intelligence
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Leveraging the Pl System and Cortana
Intelligence to Increase Process Efficiency

COMPANY and GOAL

Deschutes Brewery is the 7th largest craft brewery in
US, and wanted to maximize production with its
existing infrastructure to fund construction of a 2nd
brewery in Roanoke, VA

v
CHALLENGE SOLUTION RESULTS

Batch’s phase transition Use data science to achieve Ability to eliminate
happens between manual accurate predictive analytics production time losses and
density measurements 4 for determining a batch’s 4 increase production
occurring every 8-10 hours density measurements capacity

 Impact: Losing up to 72 hours in * Pl System  Accurate predictions of when a
production time « Pl Integrator for Microsoft Azure batch’s phase transitions from

- SOL Data Warehouse fermentation to free rise

* Azure Machine Learning
* Azure Data Factory
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